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Abstract

Because it is a crucial indicator of investment risk and can signal potential price swings, share volatility is vital.
Larger volatility suggests a larger chance of both significant gains and large losses. Because investors utilise it to find
trading opportunities and match their assets with their risk tolerance, it is essential for making well-informed decisions,
pricing alternatives, and building portfolios. The primary purpose of the article. Forecasting and assessing the volatility
of stocks in the securities market of the Republic of Kazakhstan. Research methodology. The article systematically
analysed and synthesised scientific information. Analysing various methods in the research of foreign scientists, a
generalised autoregressive heteroskedasticity model was used, which assumes that the current variability of the
dispersion is influenced by both previous changes in indicators and prior estimates of the dispersion (GARCH model).
Research features / value. This article attempts to assess the riskiness of stocks in the securities market of the Republic
of Kazakhstan by reviewing existing theories and empirical studies. Research results. A comparison of the risks
associated with HSBK, KZTK, and KZTO stocks reveals that an investor should focus primarily on a stock’s risk. To
do this, you need to identify the stock's high- and low-volatility periods, as well as the distribution of daily price
fluctuations. GARCH model results indicate that KZTK stock has a higher risk than other stocks. Empirical research
has shown that these financial instruments alternate between periods of high and low volatility. A financial instrument's
risk will be overestimated during a period of low volatility by the first data points from an exceptionally high volatility
period.
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Introduction

The stock market has experienced previously unheard-of volatility amid economic
globalisation, particularly following the effects of the recent global financial crisis. This volatility
hinders the stock market's normal functioning and increases market risk and uncertainty. Accurately
measuring the volatility of stock index returns is especially crucial to lowering this uncertainty. At
the same time, attention has shifted to the stock market's positive growth due to its significant role
in the global economy. Therefore, to quantify the volatility of stock index returns, one must be aware
of the theoretical and literary significance of volatility [1]. In finance, volatility prediction is
essential. We can assess the likelihood of obtaining a specific outcome by using estimates of
volatility and central tendency. The assignment of diversified assets to create effective portfolios
with a higher risk to reward ratio is a common difficulty for financial analysts [2]. Stock market
volatility, the statistical deviation of prices from their average, is a measure of the magnitude and
velocity of price swings over a given period. While low volatility denotes steady, predictable price
swings, lower risk, and lower potential profits, high volatility denotes frequent, abrupt changes in
value, higher risk, and possibly huge profits. When deciding whether to buy or sell stocks, investors
use this metric to assess the risk and potential returns of their holdings. Technological breakthroughs
and growing globalisation have expanded the range of information influencing stock markets,
coming from a variety of sources. Nevertheless, a thorough analysis of how firm-level and macro
factors affect stock market volatility is lacking. Understanding share price volatility enables
organisations and investors to make both constructive and corrective decisions to support efficient
financial management. Research publications, published reports, pertinent books, and a variety of
newspaper stories are examples of secondary sources from which the data for this study was
gathered. Along with ARIMA, Wavelet Transformation Models, and Artificial Neural Network
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models, which were used as advancements in earlier analyses, the GARCH family of models was
mainly used to quantify volatility [4].

Using data from Switzerland, Stulz & Wasserfallen (1995) developed a demand function to
explain why shares available to international investors trade at a premium [5]. The findings of
Foerster & Karolyi's (1998) investigation of international companies listed in the US provide
credence to the theories of investor recognition and market segmentation [6]. Bomfim (2003)
examined the impact of news and pre-announcements on the stock market when monetary policy
decisions are made public. The findings imply that on the days before regularly planned policy
pronouncements, the stock market is typically quiet—conditional volatility is unusually low [7].

Li et al. (2020) investigated the relationship between corporate social responsibility (CSR)
and options trading. By encouraging shareholder activism, as seen by a rise in long-term, socially
conscious institutional ownership and CSR recommendations, as well as by escalating product
market rivalry, which promotes green innovation and CSR activities related to products, we find
that options trading can improve corporate social responsibility [8]. The benefits are less noticeable
in companies with entrenched management but more evident in well-run businesses). Megaritis et
al.’s (2021) empirical study demonstrates that while stock market volatility is comparatively
resilient to shocks in observable uncertainty proxies, it is greatly affected by rising macroeconomic
unpredictability (9)].

In an increasingly globalised world, Tenkovskaya (2023) conducted research to determine the
volatility in the profitability of PJSC "NK Lukoil" shares during economic crises. The study's
findings are helpful because they can assist investors in developing trading plans, determining the
minimum value of the Russian oil company's securities, and preparing to buy shares of the company
following a decline in value and significant volatility in profitability [10]. Ajmi’s (2021) research
experimentally examines the conditional variance, or volatility, in the daily returns of seven sectoral
indices and the Boursa Kuwait market index from May 13, 2012, to March 1, 2018. In addition to
being skewed to the left and non-normal, the returns showed signs of ARCH effects and
leptokurtosis. The results of the GARCH-M model indicated a negative correlation between risk
and returns for the indices, whereas the symmetric GARCH model showed evidence of volatility
clustering and persistence [11]. Barkha et al. (2020) conducted a study to determine the degree of
dynamic conditional correlation between the Russian and developed stock markets, as well as to
identify patterns of profitability volatility. The findings showed that the US and Russian markets
had a unidirectional link, whereas the Russian market and the developed European markets had a
bidirectional correlation [12].

Materials and methods of research

The financial markets of the Republic of Kazakhstan, specifically the dynamics of financial
assets in the stock market, such as shares, are the objects of this research. At the initial stage, during
the preparation of materials, the method of literature and data analysis was applied. This approach
enabled the collection of necessary primary and secondary information, including statistical data.
To ensure a comprehensive study, the comparative method was also employed. Using statistical data
from the Investfunds platform, GARCH models were applied to evaluate the dynamics of
Kazakhstani stocks.

Results and their discussion

Market risk refers to the possibility of losses due to adverse movements in financial markets.
Market risk is of a macroeconomic nature, that is, the sources of market risks are macroeconomic
indicators of the economic system - market indices, interest rate curves, etc.

A key concept for assessing and managing market risk is volatility. The idea of volatility is
very relevant and widely discussed in financial mathematics. Volatility (i.e. changeability) is
defined in various ways, and the term itself is used to name different measures of variability [13].

Volatility is the degree of price change over a specific period of time, i.e. if there are jumps
in the quote or index chart, then the curve is "volatile”, and if the graph line is more even, then it is
not volatile.
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The volatility value used in models can be determined in several ways, for example, using a
formula of the following type:

o, = —ng (1)

The reasons for the variation in financial indicators can be diverse and cause sharp jumps,
price changes. If, after some time, no significant causal effects arise in the economy, financial
markets stabilise, and prices in that market are in equilibrium.

Prices change during a sharp jump in supply. A large volume of currencies, stocks, and
commodities can cause prices to fall, and conversely, a decrease in this volume can temporarily
raise prices. Such events are rare, for example, in the second hypothesis of random walk.

The use of nonlinear models in the study of prices arose from the need and desire to explain

n n

some observed phenomena of the h, =In S— cluster"” type, that is, their "dangerous” changes, the
n-1

fact that most of the data in the distribution of values consists of many small or insignificant events,

the observation of long-term memory in prices, and other properties that cannot be estimated within

the framework of linear models.

Economic indicators, including financial indices, are volatile, that is, they are subject to
change.

Microeconomic indicators that provide an idea of the state of the economy in general and on
average, such as the volume of traded shares, their current prices, as well as the volume of
investment, the general level of interest rates, production, consumption and other macroeconomic
indices, vary from their average values to random deviations, that is, fluctuations. In these cases,
fluctuations can be volatile and occur at very high frequencies. Such characteristics are also
observed in stochastic and chaotic models, which explains attempts to describe fluctuating
evolutions, "catastrophic™” changes, the grouping and clustering of values, sharp fluctuations, and
other phenomena with such models. In analysing and evaluating such phenomena, researchers using
statistical data face the task of choosing and building an effective model.

Modelling the volatility of asset returns can be based on the concept of heteroscedasticity.
Heteroscedasticity is a property of the stochastic component of regression, which is expressed in the
fact that their dispersion (and, consequently, the spread of error values) is not constant, i.e. the
magnitude of the dispersion changes over time.

ARCH, widely recognised in financial statistics and financial mathematics, and GARCH. Let
us describe several chaotic and stochastic linear econometric conditional heteroskedastic models.

variable that represents h = (h,)., the values of, for example, a stock price or exchange rate

at a time point n = 0,1,... . Time can be measured in seconds, minutes, hours, days, months, and
years. S, =S, () The following formula is used to describe the evolution of logarithmic returns:

S
h,=Ih—, 2
5 )

In this paper, the distribution of logarithmic stock returns is described by the ARCH model,
which has the following form

p
Gr? =, + Zai hr?—l (3)

i=1
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Based on the residuals, an autoregressive conditional heteroscedasticity (ARCH) model is
fitted. Tusindirudin karapaiymdyly ushin sipattalatyn ARCH (p) - autoregressive charty
heteroskedastical model p parametrin birge ten dep alamyz.

When p=1

O-r? =+ alhr?—l ' (4)

One of the first generalized forms of the ARCH(p) model is the GARCH(p, g) model, which is
characterized by two parameters p, q . In this model, and are also considered o, ARCH(p) models

, but the following h, = o,&, GARCH(p, q) relation is proposed for the formation of "volatility" :

p g
Gr? =a0+zaihf—i +Zﬂjo'§_j 5)
i=1 -1

let's give some simple formulas related to the GARCH(1,1) model, which belongs to a special
type of this generalized autoregressive conditional heteroskedastic model :

2 2 2
o, =a,+ah, +po, (6)

where o, >0, o 20, S, =0.

Due to the lack of liquid financial instruments, many well-known volatility models do not
apply to the Kazakhstani stock market. However, for Kazakhstani investors, issues related to
determining the ratio of risk and portfolio return often arise. Therefore, as an example, let's consider
the most liquid ordinary shares of Kazakhstani issuers, such as the "Pipeline Transport™ sector -
KazTransOil JSC with the ticker "KZTO", the "Banks" sector - Halyk Bank "HSBK" and the
"Communications and Telecommunications" sector - Kazakhtelecom JSC with the ticker "KZTK".
Their main characteristics are presented in Table 1.

Table 1 - Characteristics of HSBK, KZTK, and KZTO shares

The action name , ticker | Kazakhtelecom, simple | Halyk  Bank, common | KazTransOil , ordinary
action (KZ0009093241, | stock (KZOOOAOLEOS4, | share (KZ1C00000744,
KZTK) HSBK) KZTO)

Industry Contact and | Bank account Pipe car
telecommunications

Capitalization 634 922.84 million KZT |7 194 500.00 million KZT | 328 844.21 million KZT
1 224.47 million USD 13 874.80 million USD 634.19 million USD

Div. profitability for the | 3.54% 8.84% 7.60%

4th quarter

Last monthly price | +23.47% + 3.90% +5.69%

dynamics

Last in the year price | +74.15% +29.40% +1.54%

dynamics

Price as of 06.05.2025 59 298.00 KZT (+2.16%) 287.78 KZT (-0.08%) 854.95 KZT (+0.21%)

Note: Compiled based on https://investfunds.ru/stocks/Kazakhtelecom/

Figure 1 is too selective for research; the dynamics of stock prices are shown taken from the
Investfunds website. The stock charts all assessments during the period. It can be seen that the
decrease in 2023 was third in the quarter - KazTransOil. The ticker of the Joint Stock Company is
"KZTO". There has been a significant increase in the price of the common stock named collapse. It
should be noted that Halyk Bank has seen a sharp rise in the second quarter of 2024. Other stocks
with tickers HSBK and KZTK have a downward trend from 06.01.2023 to 06.05.2025. The entire
graph shows that the prices of the stocks under consideration will be volatile.
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Figur 1 - Dynamics of HSBK, KZTK and KZTO stock prices (06.01.2023-06.05.2025)
Note: Compiled based on https://investfunds.ru/stocks/Kazakhtelecom/

Figure 2 shows that the time series of stock market returns alternates between periods of
significant errors and periods of minor errors, or high and low volatility, respectively. This is also
characteristic of exchange rate time series. After the first quarter of the years under consideration,
returns show slight increases, and the volatility of all stocks is also evident, with some quarters
showing sharp jumps in returns.
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Figur 2 - KZTK , HSBK, and KZTO for stocks subject to the GARCH (1,1) model o, " volatility
" chain computer to work implementation schedule
Note: Compiled based on https://investfunds.ru/stocks/Kazakhtelecom/
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The data studied in Table 2: Stocks with ticker symbols HSBK, KZTK, and KZTO, descriptive
statistics quoted.

Table 2 - HSBK, KZTK and KZTO tickers Statistical characteristics of logarithmic stock
returns

HHSBK HKZTK HKZTO
Mean -0.001653 -0.001347 -0.000497
Median -0.000761 -0.000789 0.000601
Maximum 0.053113 0.129057 0.074995
Minimum -0.104878 -0.064801 -0.059061
Std. Dev. 0.012594 0.014270 0.011182
Skewness -2.531481 2.266542 0.073779
Kurtosis 23.86579 25.77012 11.54674
Jarque-Bera 9681.312 11319.58 1534.439
Probability 0.000000 0.000000 0.000000
Sum -0.833246 -0.679088 -0.250508
Sum Sq. Dev. 0.079781 0.102424 0.062897
Observations 504 504 504
Note: Compiled based on https://investfunds.ru/stocks/Kazakhtelecom/

Table 2 shows the descriptive statistical results for each variable used in our model, including
sample mean values (more precisely, mean and median) and measures of dispersion (kurtosis,
skewness, minimum, maximum, Jarque-Bera statistic, and standard deviation). Descriptive statistics
for HSBK, KZTK , and KZTO logarithmic stock price The corresponding means are -0.001653, -
0.001347, -0.000497, and the corresponding medians are -0.000761, -0.000789, 0.000601. And the
corresponding standard deviations are 0.012594, 0.014270, 0.011182. The corresponding values of
the Jarque-Bera statistic are 9681.312, 11319.58, and 1534.439, and for all indicators the
probabilities are zero (i.e., less than 0.05), so we can conclude that the series are not uniformly
distributed. In the table, we see that the skewness coefficient for all indicators except HSBK is
negative, i.e., they have negative skewness.

HHSBK, HKZTK and HKZTO To model logarithmic stock prices, we start by testing the
stationarity of the time series. It is well known that Augmented Dickey-Fuller (ADF) unit root tests
are used to determine whether data support stationarity or non-stationarity. In this study, augmented
Dickey-Fuller (ADF) unit root tests were used to test the levels or differences of variables that are
assumed to be stationary. Some variables can be used at the level I(0), while other variables are
stationary at the first difference I(1). Table 3 presents the results of the augmented Dickey-Fuller
(ADF) unit root tests for the series at the level and the first difference. ADF tests the null hypothesis
of non-stationarity, which is rejected if the ADF is negative or exceeds the absolute critical values
of 1%, 5%, and 10%. The results show that all stocks are stationary at the first difference, and their
logarithmic returns are stationary at the 1(0) condition.

Table 3 - ADF unit root tests

Vari Level First diff. Order of | Variables Order of
ariables . .
Integration Integration
HSBK 0.486 -20.899*** (1) HHSBK 1(0)
(0.986) (0.000)
KZTK 1.240 -23.218*** (1) HKZTK 1(0)
(0.998) (0.000)
KZTO -2.526 -19.521*** 1(1) HKZTO 1(0)
(0.667) (0.000)
Notes:1) *, **, *** denotes statistically significant at the 10%, 5% and 1% levels, respectively
p-value is inside brackets
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Conditional heteroscedasticity means that the conditional variance of the error depends on
time. All data from 06.01.2023 to 06.05.2025 The GARCH(1,1) model for the return on shares of
HSBK, KZTK, KZTO was estimated using the EViews program.  Let's determine the
corresponding  profitability of stocks using the following formulas: h,(HSBK) =

In 5 Jh, (KZTK) = In=2n one h,(KZTO) = In =259 The following tables present
HSBKn_1 KZTKpn_1 KZTOp_1

the results of estimating the GARCH (1,1) model.

Table 4 - Parameters of the GARCH(1,1) model for HSBK

Yes Coeff Std. Error Z - Statistic Prab .
C -0.001643 *** 0.000183 -8.966345 0.0000
hn-1 0.074468 *** 0.027539 2.704130 0.0068
Variance Equation
C 4.75E-05 *** 4.33E-06 10.97064 0.0000
ARCH (1) 2.503417 *** 0.171817 14.57029 0.0000
GARCH (1) 0.009221 0.010638 0.866861 0.3860
Note: compiled by authors.
Notes: 1) *, ** *** denotes statistically significant at the 10%, 5% and 1% levels, respectively

h,(HSBK) = —0.001643 + 00.074468h,_,(HSBK) + u,
02 = 4.75E — 05 + 2.50341702_, + 2.503417u?_,

The sensitivity of volatility to past market shocks is statistically significant (0.074468), which
in this case means that sharp changes in the stock price affect future fluctuations. The volatility
assessment is 2.503417 and is also important, in terms of interpretation, we note that these stocks
have a so-called long memory, that is, volatility after a shock change persists for an extended period
of time, which means that the market continues to be unstable, which is favorable, for example, for
traders . For KZTK and KZTO corresponding to sensitivity to past market shocks are also significant
(10.193015 and -0.191916 , respectively ), and the corresponding volatility estimates are 0.886200
and 0.338238 .

Table 5 — KZTK Parameters of the GARCH (1,1) model for

Yes Coeff. Std . Error z - Statistic Prob .
C -0.000900 *** 0.000272 -3.312714 0.0009
hn-1 0.193015 *** 0.035416 5.449891 0.0000
Variance Equation
C 3.94E-05 *** 3.62E-06 10.88408 0.0000
ARCH (1) 0.886200 *** 0.090065 9.839590 0.0000
GARCH (1) 0.092057 *** 0.031999 2.876848 0.0040
Note — compiled by authors.
Notes: 1) *, ** *** denotes statistically significant at the 10%, 5% and 1% levels, respectively

h,(KZTK) = —0.000900 + 0.193015h,,_, (KZTK) + u,
02 = 3.94E — 05 + 0.886200052_, + 0.092057u2_,

KZTK and KZTO is very close to each other, indicating that the volatility shocks are pretty
stable, for example, KZT Kfor the stock 0.886200+0.092057 are close to each other (Table 5). This
result is often observed in high-frequency financial data. For HSBK , the sum of the ARCH and
GARCH coefficients is much higher.
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Table 6 - Parameters of the GARCH (1,1) model for KZTO

Yes Coeft. Std. Error z-Statistic Prob.
C 4.52E-05 0.000358 0.126302 0.8995
hn-1 -0.191916*** 0.048145 -3.986234 0.0001
Variance Equation
C 9.15E-06*** 1.91E-06 4.796164 0.0000
ARCH(1) 0.338238*** 0.037693 8.973399 0.0000
GARCH (1) 0.669087 *** 0.032321 20.70133 0.0000
Note — compiled by authors.
Notes: 1) *, ** *** denotes statistically significant at the 10%, 5% and 1% levels, respectively

hn(GB_KZMS) = 4.52E — 05 — 0.191916h,,_, (GB_KZMS) + u,
02 = 9.15E — 06 + 0.33823802_, + 0.669087uz_,

In the calculation experiment, it was possible to determine that the above parameters show
that the daily changes in stock prices are distributed according to a customary law, and that it is
more appropriate to use the GARCH model during periods of high and low volatility. A comparative
analysis of the risks of HSBK, KZTK, KZTO stocks shows that an investor should pay special
attention to the risk of a particular stock. To do this, it is necessary to determine the distribution of
daily price changes and the periods of high and low volatility of the stock. The results of the GARCH
models show that the riskiness of the KZTK stock is higher than that of others.

Empirical studies show that periods of high volatility and periods of low volatility for these
financial instruments alternate one after another. Initial data that appears during periods of extremely
high volatility will overstate the risk of a financial instrument during periods of low volatility.

Conclusions

For investors and government authorities, analyzing stock market volatility is crucial,
particularly during unstable and financial crisis times. In this sense, selecting instruments and
techniques for stock index volatility modeling is a pressing problem. The GARCH model is
regarded as one of these techniques in this research. The unique practical capabilities of GARCH
models for analyzing stock market activity have been demonstrated through testing. Consequently,
some significant practical outcomes were achieved. First, it was discovered during the process of
building and choosing the optimal model for each business that the amplitude of the dynamics of
the stock quotes of KazakhTransOil, Halyk Bank, and Kazakhtelecom is almost equal for both
positive and negative shocks. Forecasts obtained using each parameter for each stock except KZTO
showed that all models under-predicted returns.

Although its price has dropped by -4.7% in 2024, KazTransQil is the only one of the equities
we are looking at that is among the top 10 most profitable stocks in the KASE index. The KASE
index contains stocks that give you the opportunity to make significant returns.

However, depending on the security, investing in shares of specific companies from the index
list may prove to be both enormously profitable and unprofitable. Investors should therefore keep
in mind that they should evaluate market performance, industry trends, and the company's financial
performance before purchasing shares. Most significantly, they should diversify their holdings to
lower risks.
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OIIEHKA BOJIATHJILHOCTHU AKIIAM KA3BAXCTAHCKOI'O ®OHJIOBOT'O
PBIHKA HA OCHOBE MOJIEJIEI GARCH

AHHOTAaIMSA

ITockonbKy BOJIATHIBHOCTD AKLMH SIBJISCTCS] BAYKHEHIIMM IOKa3aTeleM MHBECTHLIMOHHOTO PUCKA U OTpPa)KaeT
BO3MOXKHBIE IICHOBBIE KOJIE0aH!s1, OHAa UTPAeT KIIOYEBYIO POJIb B PUHAHCOBOM aHanu3e. boree BbICOKask BONaTHIBLHOCTh
o3HauaeT Oosiee BBICOKYIO BEPOATHOCTh KaK 3HAUMTEIBbHBIX NPHObUICH, Tak M YOBITKOB. VIHBECTOpPHI MCHONB3YIOT
JIAHHBIH TMOKa3aTeNb Ui IOMCKA TOPTrOBBIX BO3MOKHOCTEH U COINIACOBAaHMS CBOUX AKTUBOB C YPOBHEM JIOIIYCTHMOI'O
pucka. Takum 00pa3oMm, BOIATWIBHOCT HEOOXOAMMA AJISL NPHHATUS OOOCHOBAHHBIX PEIICHHH, OLEHKH CTOMMOCTH
MPOU3BOAHBIX MHCTPYMEHTOB M ()OPMHUPOBAHMUA MHBECTHULMOHHBIX mopTderneld. Llenb cTaThy - NpOrHO3MpOBaHUE M
OLIEHKa BOJIATHJIBHOCTH aKIMH Ha phIHKE IeHHbIX Oymar PecnyOnuku Kazaxcran. Meronmonorus uccienoBanus. B
CTaThe MPOBEAEH CUCTEMHBIH aHaU3 1 00001IeHre Hay HON nH(opmanun. Ha ocHOBe aHann3a pa3iuvHbIX METO/IOB,
NPUMEHSEMBIX 3apyOeKHBIMU MCCIeNOBaTENsIMHU, HCIIOIb30BaHa 0000MIEHHAs aBTOPErPECCHOHHAS MOJIENb YCIOBHOM
rerepockenactuyHocTH (GARCH), mpemamnonararomasi, 4To TeKyllas HM3MEHYHMBOCTh JWUCIEPCHH 3aBHUCHT KakK OT
MPEABIYIINX U3MEHEHHH MoKa3aTeleil, Tak U OT MPEeAbIIYIINX OLIEHOK Aucnepcun. HaydHast HOBU3HA / IEHHOCTh. B
paboTe mpeanpHUHATA IONBITKA OLEHUTh PUCKOBAHHOCTH aKIMi Ha phIHKE IEHHBIX Oymar KaszaxcraHa uepes aHanu3
CYILECTBYIOLINX TEOPUH U SMIIMPUUECKHX HccaeqoBaHUN. Pe3ynbTaThl ncciaenoBanus. CpaBHEHHE PHCKOB, CBSI3aHHBIX
¢ akmusamu HSBK, KZTK u KZTO, noka3aino, 9To HHBECTOPY HEOOXOONUMO YACISITH 0000 BHIMAaHUE PHCKOBOCTH
KKIOH OTAeIbHOM akin. J[ist aToro Tpedyercs ompenenuTh MepHoIbl BRICOKOW M HU3KOW BOJATWIHHOCTH, a TAaKKe
pacmpenelieHue  €XKEOHEBHBIX IICHOBBIX KomeOanmid. PesymbraTel wmopmenmpoBanmsi mo wmerony GARCH
CBHUJIETENLCTBYIOT 0 TOM, 4To akimu KZTK obmanatoT Gosee BHICOKMM YpOBHEM PHCKA IO CPABHEHHUIO C JPYTUMH.
OMOupHYEcKUe TaHHBIE MOATBEPXKAAIOT, YTO pacCMaTpHBaeMble (PMHAHCOBBIE MHCTPYMEHTHI IIOCTOSIHHO YEPEAYIOTCS
MeXIy (pa3aMu BBICOKOW M HU3KOW BOJIATWIFHOCTH. [IpH 5TOM B IIepHOIb HU3KOH BONATHILHOCTH PUCK HHCTPYMEHTA
MOXET OBITh 3aBBIIICH HA OCHOBAHUH AAHHbIX, TOTYYEHHbIX B YCIOBHIX SKCTPEMAIbHO BEICOKOW BONATHIHLHOCTH.

KiaroueBble cioBa: BomatwibHOCTH akiwif, momenb GARCH, ¢GoOHIOBBI PBIHOK, YIpaBICHHE pPHUCKAMH,
(uHAHCOBASI SKOHOMETPHKA.

KA3AKCTAH KOP HAPBIFBI AKIIUSIJIAPBIHBIH KYBBIIMAJBLIBIFBIH
GARCH MO/IEJILAEPI HETI3IHJE BAFAJIAY

AHgaTna

AKUUsITapabH KYOBUIMAJBUTBIFBl HHBECTUIMSUTBIK, TOYEKEIIIH MaHBI3ABI KOPCETKIMT OONBIT TaObUIAIbI JKOHE
BIKTIMaJ OaraiblK AayBITKyJapasl cUmatTaiinel. KyOBUIMANBUTBIKTBIH JKOFApBl OONYBI ipi mMmaiima amy Hemece
afTapibIKTall IIBIFBIHFA YINBIPAY BIKTHMAJJIBIFBIHBIH apTyblH Oimmipeni. MHBectopiap Oy KepceTkimTi cayna
MYMKIHIIKTEPiH aHBIKTAy JXOHE 63 aKTHBTEPiH TOyeKelre TO3IMLIIK ACHreHiMeH COWKeCTeHIIpY VINiH KOJIaHaIbI.
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CoHpbIKTaH KYOBUIMAJBUIBIK CAaHAIBl MICHIIM KaObUIAAy, TYBIHABI Kypangapabl Oarajay >KOHE HHBECTHIIHSIIBIK
nopT¢ens KaIbINTaCTHIpyAa aca MaHbI3Ibl. MakallaHbIH Makcathl - Kasakcran PecryOnukachiHBIH Oaraibl Karazgap
HapBIFBIHIAFB] aKLIUSIIapAbIH KYOBIIIMABUIBIFBIH OOIDKaY JkoHe Oaranay. Makasa/ja FUIBIMU aKIapaTKa )KyHeni Tanaay
JKYPTi3UTiI, KOPBITHIHABUIAHBIIN, MIETEIIK FAIBIMAAP/IBIH 9iCTEMENIEpiH 3ep/eliey Heri3iHIe aFbIMIarbl TUCIICPCHS
©3TEprillTIriHIH aJABIHFBI KOPCETKIIITep MEH AucIiepcHsi OaranapblHa TOYEJIUITiH €CKEepETiH >KaJlbUIaHFaH
aBTOPETPECCHSUIBIK, APTTHI rerepockenacTukaiblk Moaenb (GARCH) cekinni 3eprrey oficHaMachIHbI KOJIAHBUIIBL.
KazakcTanHbiH Oaranbl KaraszJap HAapBIFBIHAAFBl aKIMSUIAPABIH TOyEKeNl JEHIeWiH KOJIaHBICTAaFbl TEOpPHsUIap MEH
SMIUPUKAIBIK 3epTTEYIEp i MOy apKpUIbl Oaranay opekeri skacainsl. 3eprrey HoTmkenepi. HSBK, KZTK xone
KZTO akuusiiapblHBIH ToyEKeNAEpiH CalbICTBIPY WHBECTOP/BIH OpOip aKLIUSIHBIH TOyeKeJiHe epeKile KoHLT Oeiyi
KaXeT eKeHiH kepcerri. Oy yIIiH KYHIENKTI OaralblK aybITKyJapZblH TapalyblH JXOHE JKOFapbl dpl TeMeH
KyOBIIMAaJbUTBIK Ke3eHIepiH aHblktay KaxkeT. GARCH woneninin Hormwkenepi KZTK akmmsmapeiHbiH Oacka
aKIMsIIapra KaparaH/a ToyeKedl )KOFapbl eKeHiH alKbIHIAbl. DMIIMPUKAIBIK 3epTTeyIep OYJI KapKbl KypasliapbIHbIH
YKOFapbI XKoHE TOMEH KyOBUIMAIIBIIBIK KE3EHIEPiHIH Y3/1KCi3 alTMachII OTHIPaThIHBIH KopceTTi. COHBIMEH KaTap TeMeH
KYOBIIMAaJIbUTBIK Ke3eHEPIHe TOYeKes JeHrell OYpBIHFbI )KOFaphl KYOBUIMAJIBUIBIK XKaFaiaapblHa CyileHe OTBIPBII
apTHIK OaranaHybl MYMKIiH.

Herisri ce3nep: akuusiapasiH KyObutManbuibirbl, GARCH Moneni, Kop HapbIFbl, Toyekenjaepai Oackapy,
Kap KbUIBIK 9KOHOMETPHKA.
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